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A PyTorch Extension Library for Deep Learning on Graphs, Point Clouds and Manifolds

class MyOwnNet (Module):
def __i1init__(self, in_channels, out _channels):
self.convl = GCNConv(in_channels, 16)
self.conv2 = GCNConv(16, out_channels)

forward(self, x, edge_index):
X = relu(self.convl(x, edge_index))
return softmax(self.conv2(x, edge_index))

extendable via a simple Message Passing interface
access to over 100 benchmark datasets

dynamic batch-wise graph generation
deterministic and differentiable pooling operators
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An Intuitive Message Passing Interface based on Gather and Scatter Operations
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Sparse-Matrix Multiplication (SpMM) needs coalesced
sparse tensors

Gather/Scatter (GS):

Input does not need to be coalesced

can integrate central node and edge information
x non-deterministic by nature on GPU

class MyOwnConv(MessagePassing):
def __1init__(self, ...):
super (MyOwnConv, self)._ _init__('add')

def forward(self, x, edge_index, e=None):
return self.propagate(edge_index, x=x, e=e)

def message(self, x 1, x_3J, e):

An easy-to-use Testbed for Evaluating new Research Ideas with Competitive Runtimes
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